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Fig. 1: The images on the extraction of vehicle acceleration over bridge and training LSTM
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Table.2 Training Parameter Table. 3: The score on training and inference
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Fig. 4: Training curve and inference result with the best or worst accuracy on Model. 1
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Fig. 5: Training curve and inference result with the best or worst accuracy on Model.2
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Fig. 6: Training curve and inference result with the best or worst accuracy on Model.3
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Fig. 7: Training curve and inference result with the best or worst accuracy on Model.4
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Fig. 8: The acceleration and truth on the best or worst inference result of each models
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