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MOT  
Automatically dataset generation using MOT analysis for deep metric learning 
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Occlusion reduces the performance in Object Tracking. For keeping tracking when occlusion for a long period of time occurs, 
Metric Learning is usually used that measures similarity between images. On the other hand, it is difficult to train Metric 
Learning model because making training data takes high cost. In this paper, we propose the method for making training data 
automatically by MOT analysis and evaluate the model trained by this method. 

 

1.  
MOT Multiple Object Tracking

MOT

MOT
MOT

 

LFW 13000
/ 1680 ID Market-1501 32668 /1501 ID

ID ID
MOT ID

 
MOT

MOT

 

2.  
Contrastive Loss [Chopra 05]

Triplet Loss [Wang 14] Intra-class Inter-class

Intra-class Inter-class
 

A-Softmax(Angular Softmax)
SphereFace [Liu 17] Softmax

A-Softmax
Softmax Angular margin

ArcFace [Deng 18] (1) Loss
 

 

L = − 1ܰ෍݈݃݋ ݁௦൫ୡ୭ୱ൫௠భఏ೤೔ା௠మ൯ି௠య൯݁௦൫ୡ୭ୱ൫௠భఏ೤೔ା௠మ൯ି௠య൯ + ∑ ݁௦ ୡ୭ୱఏೕ௡௝ୀଵ,௝ஷ௬೔
ே
௜ୀଵ  (1) 
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ArcFace PyTorch

margin m1=1.0
m2=0.5 m3=0 ResNet50 [He 15]

 

ArcFace Sub-center ArcFace 
[Deng 20]

ArcFace  

  *1 

Ryuto Yoshida 
  *1 

Yoshikazu Kikuchi 
  *1 

Daisuke Horii 
  *1 

Junichi Okubo 
  *1 

Shuji Takamori 

The 37th Annual Conference of the Japanese Society for Artificial Intelligence, 2023

3Xin4-54



- 2 -

3. MOT
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