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Detection of the damage from the natural disaster using CCTV image based on GAN
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When disasters occur, it is required to understand the damage as soon as possible. And, CCTV camera is good tool to monitor
the damage in real time from remote location. However, CCTV camera that depends on visual check causes human errors like
oversights. Purpose of this study is to develop methods that detects the damage automatically. Especially, this study focuses
on the anomaly detection using GAN. As a result of this study, it was possible to detect the damage under simple condition.
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