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The multiple object tracking (MOT) technique has improved in recent years due to Al. However, it is
often difficult to track vehicles correctly due to vehicle occlusion at intersections. In this study, we
attempted to improve the performance of directional traffic counts at intersections by applying a
combination of multiple occlusion-handling methods. The results showed a high-performance for both the
straight-ahead vehicles (F1 Score: 0.94) and the right/left-turn vehicles (F1 score: 0.88) in a cross-
section. This results suggest our methods are potentially useful for MOT at intersections.
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