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ANOMALY DETECTION OF REVETMENT BY
UNSUPERVISED DEEP LEARNING USING VARIATIONAL AUTO-ENCODER

Yukino TSUZUKI, Ryuto YOSHIDA, Junichi OKUBO,
Junichiro FUJII and Takayoshi YAMASHITA

Anomaly detection for infrastructure by deep learning using supervised learning has problems that it is difficult to
prepare data set on abnormal data, consequently unlearned deterioration cannot be detected. On the other hand,
several prior works have shown the effective for the anomaly detection based on generative models training using
only normal data in image recognition tasks with little training data and diversity of the deteriorations to be de-
tected. In particular, VAE-based methods have been used for anomaly detection on uniform parts. For the purpose
of building the anomaly detection method of revetment that is independent of the type of deterioration, we exam-
ined and considered for the anomaly detection of revetment in block units using VAE. This paper empirically
clarifies the guideline for preparation of data set and proposes an anomaly calculation method suitable for revet-
ment. We also discussed t detecting various types of deteriorations.
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