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Study on the relationship between data non-linearity and dam inflow discharge prediction accuracy
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Abstract: We aim at improving the predictive precision of the dam inflow discharge using the correlation between the upper

stream data and the lower stream data. When we handle the correlation between the upper and lower stream data, we focus on

the non-linearity the data have and we have to change the way of modeling according to the degree of the non-linearity. In

this paper, we gave the sequential data generated by the distributed flow analysis model the deviation in order to express the
non-linearity of the data. After that, we selected LSTM which is a kind of deep learning network and made the predictive
model of the dam inflow discharge learning the non-linearity data. As the result, we knew that the deviation which the normal
observation values have doesn’t influence the complexity of deep learning model.
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